Feature selection for genomic prediction
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The big picture

A how well can we predict
A effects of methods
A effects of population
A effects of architecture

A do we need to know the truth
A heritability X predictability
A prediction as feature selection




A In a perfect world we
would know the true

SNP associated to a trait
or even better, the
functional causal
variants
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A We would know the
variants of large effect
but also all the ones
with small effects
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A And we would use only

them for making — —
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Can we develop a smaller, cheaper and better panel?
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(BLUP

Use trait G Instead of G
trait relationship matrix 0 TRM

gBLUP using only functional markers
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Some simulations

A 50k data

A 7539 animals

A multibreed

A simple additive model
A QTL included in data
A h?=0.4,V,=50

PC1 (50.85%)
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Additive marker effects —
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Simple GWAS

GWAS GWAS

Correction effect is
" larger when there

100 QTL | are fewer QTL
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LD plays a large role
overestimates regions
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more conservative
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GWAS and marker numbersattle data, B=0.6



